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based on deep learning

Studies on wildlife habitat visualization using image recognition
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Abstract In recent years, crop damage by wildlife has become a serious social problem in Japan. In order to solve this problem, it
is necessary to understand wildlife habitat, that is, its active time, location and species about appearing of wildlife. For this purpose, a
camera trap which takes pictures when a sensor detects object motion is used. However, it results in a large burden for researchers to
identify the species of wildlife from a huge number of images. In this study, we improve the system that was developed in Nagata’s
laboratory for automatic wildlife species recognition from images based on deep learning technology. Our system realized a higher
recognition accuracy (93%) than previous one (64%) by introducing a more sophisticated deep learning model and developing wildlife

detection and super-resolution technologies.
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Fig. 1 Overview of the proposed system.
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Table 1 Evaluation of wildlife area detection.

SegNet U-Net
IoU 0.66 0.84
A K[ %] 43 69
FHELEE %] 100 96
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Table 2 Evaluation of wildlife species recognition.
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