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Fig. 1 Overview of the entire system.
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Fig. 2 Overview of the last year recognition system.
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Fig. 3 Overview of the current year recognition system.
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Table 1 Applicable data.
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Table 2 Result of evaluation experiment (Difference in
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Fig. 4 Extension method.
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Table 3 Result of evaluation experiment (Expansion of data).
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Fig. 5 The image which became recognizable.

EENyy e
6 {51 U 2% {4 f]

Fig. 6 Similar image example.
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