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Fig. 1 Overview of the system.
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Fig. 2 The structure of CNN.
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Fig. 3 Spectrogram and waveform image of a click noise.

@)/42%£m (b) /A RBrEE
X4 /A XBRERIEDOART ba s T A

Fig. 4 Spectrograms of before/after noise removal.
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Table 1 Test datasets and result of evaluation experiment (1s).
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Table 2 Test datasets and result of evaluation experiment (1s)
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Table 3 Test datasets and result of evaluation experiment (3s)
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Fig. 5 Spectrograms of diver with/without noise.
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Fig. 6 Spectrograms of before/after click noise removal.
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