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Fig. 1 Overview of the system.
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Table 1 Use data.

X4 | 7T A4 FRT—H | TANT—H
[#] [#
REL | TR R 183 73
=Ry T7F I~ | 128 150
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—AREXF 158 150
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Ry RT v 165 99
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DEVAVE/ A 126 66
=kRrHELH | 150 150
=R DH 55 24
TR | HR 150
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Table 2 Detection result.
X4 | 7 I A% BRI | RBa
AL | TR 50/73 24/50
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N 133/150 67/133
R N7V 81/99 61/81
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Table 3 Classification result.
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N 67 /150 50
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Fig. 2 False detection example (Background).
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Fig. 3 Output result example.
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